A STUDY ON AI-POWERED DERMATOLOGICAL
DIAGNOSIS: ADVANCING DEEP LEARNING FOR
SKIN CANCER

Dr. Heena Kouser Gogi', Javeria Fathima?, Iffath Fathima3, Umme Saba*
1234 Department of Information Science and Engineering,
HKBK College of Engineering, Bengaluru, Karnataka, India.

Samvakti Journal of Research in Information Technology
ISSN (Online) : 2583-3979

Journal ) - ..
https://www.sjrit.samvaktijournals.com
Volume 6 Issue 1 Year of Volume 2025 Page No : 177 — 187.
Discipline Artificial intelligence and Machine Learning

Conferen Global Synergies: Innovations in Business, Technology and Education -
onterence INNOBTE 25

Conference Start Date: March 21, 2025
Dates End Date : March 22, 2025

Institute Name  Bangalore Integrated Management Academy

Date Received : March 16, 2025 Publication Date: May 23, 2025
ID : §jrit.2025.29 Paper Type : Conference Paper
Dol No. : 10.46402/sjrit.2025.29 Dol Url : https://dx.doi.org/10.46402/sjrit.2025.29

Access Type : Open Access (Attribution-NonCommercial-NoDerivatives 4.0 International)
© 2025 Dr. Heena Kouser Gogi, Javeria Fathima, Iffath Fathima, Umme Saba with publication rights
granted to Samvakti

ABSTRACT

One of the most common cancers in the world is still skin cancer, and better patient
outcomes and efficient treatment depend on early detection. Dermatologists are essential
in diagnosis, yet the accuracy of conventional techniques may be limited. In order to
improve dermatology diagnostic accuracy, this study investigates the application of
artificial intelligence (Al), specifically deep learning models. Al-driven solutions that use
convolutional neural networks (CNNs) and hybrid models perform on par with skilled
dermatologists, promoting early identification and expediting clinical procedures. This
study also addresses the difficulties in applying Al in dermatology, highlighting the
necessity of ongoing development and ethical issues to guarantee its efficacy in clinical
settings.
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INTRODUCTION

The growing number of skin-related illnesses has put a lot of strain on dermatologists
around the globe. Melanoma is one of the most aggressive and deadly types of skin
cancer, adding significantly to death rates, according to the World Health Organization
(WHO)®L. Conventional diagnostic techniques rely mostly on visual inspection and clinical
knowledge, which, although useful, can occasionally result in inconsistent accuracy. New
methods that improve disease diagnosis and detection have been brought about by the
development of artificial intelligence (Al). Clinical evaluations can be automated and
made more accurate with Al-powered dermatological tools, providing a promising path
for early intervention and therapy. Neural networks built on massive datasets of
dermatological images are used in deep learning, a subset of machine learning, to find
patterns that are impossible for humans to see. The potential of Al in dermatology was
indicated by Esteva et al. (2017)!", who showed that deep learning models may match
the diagnosis accuracy of skilled dermatologists. These developments give practitioners
an additional tool to improve diagnosis accuracy and efficiency in addition to streamlining
clinical operations. Beyond just diagnosing skin cancer, artificial intelligence (Al) in
dermatology can also be used to detect psoriasis, eczema, and other conditions.
According to study, Al-driven diagnostic tools significantly reduce evaluation time,
allowing dermatologists to focus on complex cases that require expert intervention. A
major breakthrough in Al's diagnostic potential in dermatology was made when Esteva et
al. showed that deep neural networks could categorize skin lesions at a level similar to
dermatologists!’l. Data bias, model interpretability, and ethical limitations are some of the
problems that continue to impede the adoption of Al. These problems need to be resolved
through continuous evaluation and development in order to ensure Al's reliability and
inclusion into dermatological practice.

LITERATURE REVIEW

Skin cancer detection has greatly improved thanks to artificial intelligence (Al), with deep
learning models showing excellent dermatological diagnosis accuracy. In order to
improve melanoma categorization in dermoscopic pictures, Codella et al. (2018)“
created Al-driven ensemble models, which produced better results than conventional
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techniques. Comparing convolutional neural networks (CNNs) with dermatologists,
Haenssle et al. (2018)"1 demonstrated that Al models outperformed human skill in
melanoma detection, with an accuracy of 87%. Studies examining various Al
architectures have shown that the use of hybrid deep neural networks has further
enhanced the detection of skin lesions (Esteva et al., 2017)". The superiority of
sophisticated neural networks over dermatologists in the diagnosis of melanoma was
highlighted by Brinker et al. (2019)1%. The significance of computer-assisted diagnosis for
early skin cancer identification, which greatly improves patient outcomes, was
emphasized by Fernandes et al. (2016)®l. A thorough analysis of deep learning-based
medical image processing was presented by Razzak et al. (2017)'"% who emphasized
the necessity of reliable and broadly applicable Al models in dermatology. Naqvi et al.
(2023)M1 have recently investigated Al-based methods for detecting skin cancer and their
wider implications for healthcare. While Dildar et al. (2021)5! evaluated the benefits and
drawbacks of several deep learning architectures in dermatology, Kavitha et al. (2024)®!
investigated a variety of Al-driven approaches for the diagnosis of skin-related cancers.
When taken as a whole, these findings demonstrate how Al is revolutionizing dermatology
and emphasize the necessity of more development and clinical practice integration.

OBJECTIVES OF THE STUDY

e To assess, using data from current studies, how well Al-driven frameworks diagnose
skin cancer.

e To determine which deep learning models are best suited for categorizing disorders
related to the skin and how they affect clinical practice.

e To examine the difficulties and restrictions associated with using Al in actual
dermatological situations.

e To evaluate how Al might improve skin cancer early detection and cut down on
diagnostic delays.

e To investigate how transparent and interpretable Al-based models are for
dermatological diagnosis.

e To investigate how Al might be used into conventional dermatological procedures to
enhance treatment planning and diagnostic precision.
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RESEARCH METHODOLOGY

The procedure for diagnosing skin cancer using Al is shown in Figure 1, which highlights
the use of deep learning methods to distinguish between benign and malignant lesions)®!.
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Figure 1: Al-Based Framework for Skin Cancer Detection’

One of the main causes of skin cancer, ultraviolet (UV) radiation exposure, is shown at
the top of the diagram. After analysis, a lesion is classified as either benign or malignant.
Critical traits are determined by feature extraction and preprocessing of the malignant
instances. Deep learning models are then used to process these retrieved features, aiding
in prediction and classification. This workflow's incorporation of Al improves diagnostic
precision, assisting dermatologists in early detection and efficient treatment planning.

The study on Al-powered skin cancer detection techniques is reviewed in this article. The
procedure starts with a comprehensive material search that focuses on research
published within the last five years across databases like PubMed, IEEE Explore, and
Science Direct. Research using cutting-edge Al methods for skin cancer diagnosis with
empirical data evaluating their effectiveness was one of the inclusion requirements. Key
information such as the study design, sample population, assessment metrics, and
experimental results were extracted during the data collection process. The collected data
was then thoroughly examined to find patterns, benefits, and drawbacks of several Al-
driven approaches.
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Figure 2: Block diagram of image processing-based skin cancer detection and Categorization’!

The image processing workflow, which includes crucial stages such picture acquisition,
preprocessing, segmentation, and feature extraction, is depicted in Figure 2. Machine
learning classifiers such as Support Vector Machines (SVMs) and deep learning models
like Convolutional Neural Networks (CNNs) are then used to examine these features and
determine whether a skin lesion is benign or malignant®®l. Different deep learning
architectures, such as traditional CNNs and transfer learning models like VGG16,
ResNet, and Inception, were compared. Empirical measures were used to assess how
well these techniques identified dermatological problems.
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Figure 3: Traditional method VS Deep learning method!"!
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The distinction between deep learning techniques and conventional machine learning
methods is illustrated in Figure 3. Deep learning models avoid feature engineering and
enable the system to learn straight from raw data, in contrast to standard approaches that
need a series of processes such pre-processing, feature extraction, and model training(l.
In order to improve model performance, pre-processing methods including scaling,
augmentation, and normalization are essential. While augmentation methods like flipping,
rotation, and color changes increase the size of the training dataset and enhance model
generalization, normalization brings pixel values into a standard range. While pointing out
current gaps in the literature that need more research, the study highlights the expanding
importance of deep learning in dermatology.

RESULTS

According to the analysis, CNN models outperform conventional techniques in the
diagnosis of skin cancer, frequently reaching accuracy rates that are comparable to or
higher than those of dermatologists. For example, studies have shown that deep learning
models can achieve accuracy levels somewhat greater than those of seasoned experts,
with some models achieving 72.3% accuracy as opposed to dermatologists' 72.1%
accuracy. In a similar vein, it has been demonstrated that sophisticated neural networks
can identify melanoma with an accuracy of 94.6%, which is much higher than
dermatologists' 66%. Furthermore, it has been shown that combining many deep learning
approaches using fusion frameworks improves diagnostic accuracy; ensemble
approaches have been shown to identify skin cancers with up to 95% accuracy. These
results show that Al-powered diagnostic tools not only match but often surpass the skills
of human specialists. Its importance in dermatology is further strengthened by the
incorporation of machine learning into medical imaging, which implies that better early
identification and treatment of skin cancer may result from its use in clinical settings.
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Graph 1: Skin Cancer diagnosis over the years

Furthermore, as Graph 1 illustrates, the incidence of skin malignancies has significantly
increased over the previous 25 years, highlighting the increasing demand for advanced
detection technologies. The graph indicates a consistent increase in malignant melanoma
(MM), squamous cell carcinoma (SCC), and basal cell carcinoma (BCC), with a total of
231 cases in 2017%l. Despite being dated 2017, the data is still frequently used as a
standard in dermatological research and clearly shows the long-term increased trend in
skin cancerincidence. This growing trend emphasizes how critical itis to employ Al-driven
diagnostic technology to facilitate early detection and effective treatment, both of which
will ultimately lead to better patient outcomes.

Benefits

Clinical practice will be significantly impacted by the use of artificial intelligence (Al) in
dermatological diagnostics since it can improve the precision and effectiveness of cancer
detection. Convolutional neural networks (CNNs), in particular, are advanced machine
learning models that have shown diagnosis accuracy comparable to or even higher than
that of skilled dermatologists. This high degree of precision is essential since treatment
results can be greatly impacted by early detection of skin cancer. Furthermore, by quickly
evaluating vast amounts of data, Al-driven models make it easier to automate preliminary
diagnoses, increasing the effectiveness of clinical workflow and setting priorities for
urgent patients. The versatility of Al in dermatology is another benefit; these models can
be improved over time by adding fresh information, which enables them to track changing
patterns in the diagnosis of skin cancer and improve their prediction power.
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Figure 4: Workflow of Al assisting dermatologist¥

By assisting with medical history inquiries, physical examinations, and Al-assisted
diagnoses, as shown in Figure 4, Al is incorporated into clinical decision-making and
eventually directs doctors toward the best course of treatment, which may involve
medication therapy, surgery, or physical therapy!®. By lowering the workload of medical
practitioners and boosting early detection rates, the application of Al in dermatology has
the potential to completely transform patient care. However, issues like data privacy,
algorithm openness, and ongoing clinical validation must be resolved to build confidence
and dependability in clinical settings and guarantee the successful deployment of Al-
driven diagnostic systems.

FUTURE SCOPE AND CONCLUSION

Future studies should concentrate on a few crucial areas in order to fully realize the
potential of Al-driven learning in the detection of dermatological cancers. Enhancing the
adaptability of deep learning models across diverse populations requires the creation of
varied and well-annotated datasets that accurately represent a range of skin kinds and
conditions. Gaining the trust of medical practitioners will also depend on improving model
transparency using Explainable Al (XAl) approaches, which offer transparent insights into
the diagnostic decision-making process of Al systems. The efficacy and safety of these
models in actual healthcare settings must be confirmed through ongoing clinical testing,
necessitating strong cooperation between dermatologists and Al researchers.
Additionally, telemedicine and Al integration can increase access to dermatological
treatment, especially in areas with limited resources, by empowering distant medical
professionals to use Al-assisted diagnostics to make well-informed judgments. Deep
learning developments have greatly enhanced dermatologists' capacity to precisely
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identify skin cancer, frequently matching or surpassing human diagnostic accuracy. Al
integration into medical processes may increase early detection and hence improve
patient outcomes. To guarantee dependable implementation, however, issues like clinical
validation, model interpretability, and dataset quality must be resolved. To evaluate the
effect of Al-driven diagnostics on patient care, more investigation is required.
Encouraging cooperation between medical practitioners and Al specialists will be crucial
to enhancing these technologies, which will ultimately improve the diagnosis of skin
cancer and save lives.
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